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Abstract: A nudge is a method for influencing individual choices without taking away freedom of choice.
We are interested in whether nudges can help adolescents avoid privacy and safety threats on social network
services (SNS). We conducted online surveys to compare how fifteen different nudge designs influence deci-
sions on nine scenarios featuring privacy and safety threats. We collected 38,606 responses from adolescent
SNS users and statistically analyzed the effects of displaying different nudges. We conclude with design
considerations for nudges targeting adolescent SNS users.
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Table 1 Nine privacy/safety-related scenarios used in our surveys.
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Table 2 The participant demographics for Study 1.
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Table 3 The total numbers of responses and percentages of the “I would do” choices

(“yes” responses) for each scenario and nudge condition in Study 1.

FORTE ST 52 S5 52 S5 56 S7 S8 S5

#  yes% | #  yes% | #  yes% | #  yes% | #  yes% | #  yes% | #  yes% | #  yes% | #  yes%
None 520 11.5% | 691 44.7% | 194 _13.4% | 376 __30.6% | 383 _7.6% | 410 _51.6% | 300 _59.7% | 248 _20.0% | 271 __11.1%
NudgeGeneral 584 10.4% | 740 36.5% | 257 _14.0% | 404 __25.3% | 384 _6.8% | 391 _48.8% | 310 _53.2% | 252 23.8% | 262 _10.3%
NudgeData-Do 234 16.7% | 576 46.4% | 209 14.8% | 234 32.1% | 283 9.2% | 364 B4.9% | 268 62.7% | 248 26.2% | 212 12.3%
NudgeData-Don’t 276 13.0% | 553 40.1% | 173 9.2% | 250 24.4% | 325 9.2% | 327 41.6% | 282 50.7% | 219 24.2% | 220 _ 10.9%
NudgeDummyData-5 Do 219 17.8% | 470 41.3% | 122 19.7% | 171 28.1% | 242 8.3% | 280  53.6% | 232 55.6% | 148 20.7% | 181 10.5%
NudgeDummyData-5-Don’t | 239 13.4% | 512 36.7% | 133 13.5% | 194 19.6% | 257 9.7% | 304 40.1% | 249 48.6% | 182 26.4% | 201 13.9%
NudgeDummyData-10-Do | 222 16.2% | 472 43.6% | 110 17.6% | 193 28.0% | 262 5.3% | 247 48.2% | 250 53.6% | 168 33.0% | 204 18.1%
NudgeDummyData-10-Don’t | 250 9.6% | 518 39.4% | 139 12.9% | 188 26.6% | 238  10.5% | 264  35.6% | 267 44.2% | 187 24.6% | 175 11.4%
NudgeDummyData 25-Do | 235 18.3% | 474 47.0% | 165 15.8% | 170 26.5% | 248 12.0% | 271 46.5% | 248 52.4% | 183 27.0% | 146 19.2%
NudgeDummyData-25-Don’t_| 286 12.9% | 508  36.2% | 141  14.2% | 174 30.5% | 214 7.5% | 265  41.1% | 259  39.8% | 184 26.1% | 194 15.5%
NudgeDummyData-40-Do | 217 18.4% | 440 45.7% | 126 23.8% | 181 27.1% | 251 8.8% | 287 55.1% | 231 60.2% | 132 26.5% | 164 14.0%
NudgeDummyData-40-Dont | 241 12.4% | 510 39.4% | 126 14.3% | 194 25.3% | 283 10.2% | 279 43.0% | 267 _48.3% | 183 26.2% | 175 _ 10.9%

F&4 None L ZNZENDF v V%M (NudgeGeneral, NudgeData, NudgeDummyData)

BT AUV AT 4 v 7AGEOA v A EZD OB5REHEXE & p
Table 4 Odds ratios (OR), their 95% confidence intervals, and p-value observed in

the logistic regression comparing each of the nudge conditions (NudgeGeneral,

NudgeData, and NudgeDummyData) against None.

S1 S2 S3 S4 S5 S6 S7 S8 S9

None X7 % NudgeGeneral

OR 0.89 0.71 1.05 0.77 0.89 0.90 0.77 0.76 0.92
[0.61,1.30] [0.57,0.88]  [0.61,1.81] [0.56,1.05]  [0.51,1.54] [0.68,1.18] [0.56,1.06] [0.51,1.14] [0.53,1.60]

P 0.56 <.01 .85 .10 .67 .44 11 .19 .78

None \2i7 % NudgeData-Do

OR 1.53 1.07 1.13 1.07 1.23 1.15 1.14 0.87 1.12
[0.99,2.37] [0.86,1.33] [0.64,1.97] [0.75,1.52]  [0.71,2.15] [0.86,1.52] [0.81,1.59] [0.59,1.29] [0.64,1.96]

D .05 56 .68 .70 .45 .34 .46 .48 .68

None \ZXJ3 % NudgeData- DonL

OR 1.15 0.66 0.73 1.24 0.67 0.70 0.78 0.98
[0.74,1.79] [0.66,1.04] [0.34,1.27]  [0.51,1.05]  [0.73,2.12]  [0.50,0.90]  [0.50,0.97]  [0.52,1.18]  [0.56,1.74]

§2 .54 L11 .21 .09 .43 <.01 <.05 .24 .95

None 1239 % NudgeDummyData-Do

OR 1.65 0.99 1.51 0.86 1.17 0.98 0.84 1.03 1.46
[1.20,2.27] [0.83,1.18] [0.95,2.41] [0.65,1.13]  [0.76,1.82] [0.78,1.23] [0.64,1.09] [0.75,1.42] [0.95,2.25]
<.01 .88 .08 27 .47 .85 .19 .86 .08

Nnn(’ =X 3 % NudgeDummyData Don’t

OR 1.06 0.76 1.03 0.77 1.29 0.63 0.56 0.85 1.20
[0.76,1.47] [0.63,0.90]  [0.64,1.66] [0.59,1.01]  [0.84,1.99] [0.50,0.79] [0.43,0.72] [0.62,1.17] [0.78,1.86]

D .75 <.01 .91 .06 .25 <.001 <.001 .32 .41
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2. 9 h, 21,045 MBI ERAEICL AL DT, KR A2SKE
R RFER EDFEAEIZELELDTH 7. DBEDOGH T
FHEHOME “AERE DS E TV EVERT bR

FHETHSUYAT 4 7 7 ERER T RECHRET S
P, TS BRI BT b HE X AT 2 [10] 77,

EBINOEE DK D 720 I KGH L THRHRLTRET 2.

PER R RS & 2B WIE, —EBOREE A BV TIEIZA
— (FEXE%L) Tholl20, T TIREET LA,

ANZBI Lo Tl L7k e &
LCv 3 [10].

AT BT

41 FyIRELDEZTDTITANVICEE L -AZEDEE
HFYFIAF - KFy VEHFICBITLNEKE [OOT 5]
EWVI)MZEDEGIIR I IIRTLEBNTHL. 620D F
1) (S1, S3, S4, S5, S8, S9) TlE, 7T A NI R%LE4
VZBCRE L 722 o 72 MBS RSB O 7z, —F, o
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320D F A (82, S6, S7)
INBIESNS THIY Aoz Nk aIa=r—avic
355D THo7z. MEHRPOHIE, FEFSINE L SNS
IBUIALLDOYF) FTIHEERATET A4, BLE
ERITHERFTIZAY AT WAL DR &) % 3%
LTWB I D05,

T &2 it L,

4.2 fv?@%%ﬁ&éﬁ%
TIANYREEIIET HTEHCT Y VD52 5%
o s 7’:&?), 2% 4 \Z/R9 & )12 None % Lt b
L T NudgeGeneral, NudgeData-Do, NudgeData-Don’t,
NudgeDummyData-Do, NudgeDummyData-Don’t O 5 D
2R LCL SONEFRERBES 20T A7 4 v 7 [l)w
#4707z, UTOLMIZE T None Dk & LB LTAH
:7"?4/\““/’?’%?35 CECRE L 72ATE A § A A0S Do 7.

o S21 )LZ\) NudgeGeneral
e S6, S7IZ )‘Z> NudgeData-Don’t
e S2, S6, ST IZBIFH NudgeDummyData-Don’t

—J7, S112B8 5 NudgeDummyData-Do TlX, 7F A I3
ORGAIIEIRE L 7ATE 2 BN A ADERICA o 7.
INSDOREIL, NCXo THERRENIRL L X9 IR
MIZBWCTF Yy VOFHEDBPAND T T AN R LLE OB
PSRBT AR A RIZEL TS, —F, Ty Ykl
DEHTTTIEREBED LR T I AN LI
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+£ 5 NudgeGeneral EHEXLDY — ¥ VF v Y (NudgeData-Do & NudgeDummyData-

Do) T 20V AT 4 v 7[R d v Xbe 20 5% EZHEIXH & p 18

Table 5 Odds ratios (OR), their 95% confidence intervals, and p-value observed in the

logistic regression comparing affirmative social nudges (NudgeData-Do and

NudgeDummyData-Do) against NudgeGeneral.

ST S2 S3 S4 S5 S6 57 S8 59
NudgeGeneral (233 % NudgeData-Do
OR  1.71 1.07 1.40 1.39 1.28 1.48 1.14 1.22
[1.11,2.65]  [1.20,1.88]  [0.64,1.80] [0.98,1.99]  [0.79,2.46] [0.96,1.70]  [1.06,2.06]  [0.76,1.70] [0.69,2.16]
P <.05 <.001 .80 .06 .25 .09 <.05 .54 .50
NudgeGeneral 1233 % NudgeDummyData-5-Do
OR  1.86 1.22 1.5 1.16 1.24 1.21 1.10 1.35 1.02
[1.20,2.87]  [0.97,1.55] [0.85,2.65] [0.77,1.73]  [0.68,2.28] [0.89,1.64]  [0.78,1.55] [0.86,2.14] [0.55,1.90]
P <o0.01 0.10 0.16 0.48 0.49 0.22 0.58 0.19 0.95
NudgeGeneral 124 % NudgeDummyData-10-Do
OR 1.66 1.35 1.32 1.15 0.78 0.97 1.02 1.64 1.08
[1.06,2.59]  [1.07,1.71]  [0.73,2.37] [0.78,1.69]  [0.40,1.52] [0.71,1.34]  [0.73,1.42] [1.07,2.58]  [1.13,3.29]
» <.05 <.05 .36 .48 .46 .87 .93 <.05 <.05
NudgeGeneral 12117 % NudgeDummyData-25-Do
OR 1.92 1.55 1.15 1.07 2.04 0.91 0.97 1.24 2.07
[1.26,2.93]  [1.22,1.96]  [0.66,1.98] [0.71,1.60]  [1.18,3.52]  [0.67,1.24]  [0.69,1.35] [0.80,1.91] [1.16,3.66]
» <.01 <.001 .62 76 <.05 .55 .85 .34 <.05
NudgeGeneral 2117 % NudgeDummyData-{0-Do
OR  1.94 1.46 1.92 1.10 1.32 1.28 1.33 1.15 1.42
[1.26,2.99]  [1.15,1.86]  [1.12,3.29]  [0.74,1.64]  [0.73,2.39] [0.94,1.74]  [0.94,1.88] [0.71,1.87] [0.78,2.57]
P <.01 <.01 <.05 .64 .35 11 11 .56 .25
%+ 6 NudgeGeneral & & % X ® vV — ¥ ¥ ) F v ¥ (NudgeData-Don’t &
NudgeDummyData-Don’t) & W85 20 Y A7 4 v 7RO+ v XL 20
95% A5 & p fiE
Table 6 Odds ratios (OR), their 95% confidence intervals, and p-value observed in the
logistic regression comparing negative social nudges (NudgeData-Don’t and
NudgeDummyData-Don’t) against NudgeGeneral.
ST S2 S3 Sa S5 S6 S7 S8 So
NudgeGeneral 12313 % NudgeData-Dort
OR  1.29 1.17 0.63 0.96 1.40 0.75 0.90 1.02 1.07
[0.83,2.00]  [0.93,1.46]  [0.34,1.17]  [0.66,1.38]  [0.81,2.42]  [0.55,1.00] [0.65,1.25] [0.67,1.56]  [0.60,1.91]
P .26 .18 14 .81 .23 .05 .54 .92 .83
NudgeGeneral X7 % NudgeDummyData-5-Dow't
OR  1.33 1.01 . 0.72 1.48 0.70 0.83 1.15 1.41
[0.84,2.00]  [0.80,1.28]  [0.52,1.77]  [0.47,1.10]  [0.84,2.63]  [0.52,0.95]  [0.59,1.16] [0.74,1.78]  [0.80,2.48]
p .23 .03 .90 13 .18 <.05 .28 54 .23
NudgeGeneral 1233 % NudgeDummyData-10-Don’t
OR  0.91 1.13 0.91 1.07 1.62 0.58 0.70 1.04 1.12
[0.55,1.50]  [0.90,1.43]  [0.50,1.68]  [0.72,1.59]  [0.91,2.87]  [0.42,0.80]  [0.50,0.97]  [0.67,1.62]  [0.61,2.07]
p 71 .30 77 73 .10 <.001 <.05 .85 .71
NudgeGeneral 1233 % NudgeDummyData-25-Dort
OR  1.27 0.99 1.30 1.11 0.73 0.58 1.13 1.59
[0.82,1.97]  [0.78,1.25]  [0.56,1.83]  [0.88,1.92]  [0.58,2.12]  [0.53,1.00] [0.42,0.81]  [0.73,1.75]  [0.91,2.78]
P .28 .92 .96 .20 .75 .05 <.01 .59 .10
NudgeGeneral \-X3 % NudgeDummyData-40-Don't
OR  1.22 1.13 1.02 1.00 1.57 0.79 0.82 1.14 1.06
[0.77,1.94]  [0.90,1.43]  [0.56,1.88]  [0.67,1.48]  [0.90,2.73]  [0.58,1.08] [0.59,1.14] [0.73,1.76]  [0.57,1.97]
P .40 .29 .94 1.00 11 14 .24 .56 .85

BLmEEBRLAZ6 o0 F )4 (S1, S3, S4, S5,
S8, S9) IXBWTIdF v VIIBIHELR MR EIRE aro 7z,
Iz, HEXDOY =Y vy VBT ITANYREELED
FBEMES 29 A CHRRERD I 52 L b575b.

4.3 FyITFHALEOER
—REET KNI RETB5F v vs. BEXDY —2 v b
Fuy

—H T FNA AT Ty VEFELDY — v v )b
F v VORIRORFE T 572012, NudgeGeneral %
HHE L LT NudgeData-Do & NudgeDummyData-Do % 3
ML7zE EONEHREZ KL 72, R 5 12 NudgeGeneral
ML LUV AT 4y VT HROMBERT. 9 DD
FUVADIHL3IODYF ) HIIBNT, — kT K31
ARFTI)FT v VRFOR LI E S LML T, EBOKEHE
BEHWEEEXDOY =X v Fy VRl &I
FTANY L\ L7ATE 28I T 5 ADERICD %
b ednyhotz. —J, TIANTVREEICEHEL
TATEN 2 BIRT D ANEELDY — 2 v vty VR L
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T ZONPEEIIELL DY F )T IFELED - 7.
—MET KNAZX%ET5F Y D vs. BEXDY — ¥ v b
FuT

[FA£IZ, NudgeGeneral %ML LT, NudgeData-Don't
X NudgeDummyData-Don’t Z$&R L7z & & ORIEHER %
R 0V A7 4y 70lmaedEmLTz. R6I12KTTY
FICBILHERERT. HEXLDY =T vV FyIDLE
LEWV, BELDY =T ¥ IVF v VERERLZBI, 79
ANYRLERE L ZATB OIS P AL b Y F
VAPFEL. UTOFy VEER YT 2BV,
Wy VEIRLICE ZE B TT I A NTRL S
ZECRE L 72 TE 2 ARG IS o 72,

e S6 IZBIT 5B NudgeDummyData-5-Don’t

e S6 2B 5 NudgeDummyData-10-Don’t

e S7TIZBIT 5B NudgeDummyData-10-Don’t

e S7TIZBIT 5B NudgeDummyData-25-Don’t

EEOREER T T v VI T IA NV RREIR
BLATE 2558 59 2 C, —fiFy Y LB LTx
ROYTRE L0722 803905, —J7, FEBEOFTAREE X
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%+ 7 NudgeData & NudgeDummyData %I T AU TV AT 4 v 7RO+ v XL e 2D

ISREHEXE p . T v VNEEXLTHINEELTH LA ERTERDED
Table 7 Odds ratios (OR), their 95% confidence intervals, and p-value observed in
the logistic regression comparing NudgeDummyData against NudgeData. We

also included an explanatory variable representing whether a nudge was in a

negative presentation.

S1 S2 S3 S4 S5 S6 S7 S8 S9
NudgeData (2513 %5 NudgeDummyData-5
OR 1.06 0.84 1.45 0.79 0.98 0.94 0.83 1.16 1.08
[0.74,1.50] [0.71,1.00] [0.92,2.28] [0.58,1.08] [0.65,1.48] [0.76,1.18] [0.65,1.06] [0.84,1.60] [0.70,1.64]
P .76 <.05 11 14 .92 .60 .14 .36 .74
NudgeData (239 % NudgeDummyData-10
OR 0.84 0.93 1.32 0.96 0.84 0.77 0.73 1.22 1.34
[0.58,1.21] [0.78,1.11] [0.83,2.09] [0.71,1.29] [0.55,1.28] [0.61,0.97] [0.57,0.93] [0.90,1.67] [0.89,2.02]
P .35 .43 .24 Nad .42 <.05 <.05 .21 .16
NudgeData \ZXF % NudgeDummyData-25
OR 1.06 0.93 1.27 1.02 1.15 0.83 0.65 1.10 1.59
[0.75,1.49] [0.78,1.11] [0.82,1.96] [0.75,1.38] [0.77,1.73] [0.66,1.04] [0.51,0.83] [0.80,1.50] [1.06,2.39]
P .76 .43 .29 .91 .50 11 <.001 .55 <.05
NudgeData 1313 % NudgeDummyData-40
OR 1.04 0.97 1.72 0.91 1.04 1.03 0.90 1.08 1.08
[0.73,1.48] [0.82,1.16] [1.10,2.66] [0.67,1.23] [0.70,1.55] [0.82,1.29] [0.71,1.15] [0.78,1.50] [0.70,1.68]
P .83 .75 <.05 .52 .84 .80 .42 .65 .72
& LDFTRIITT %t 58 LDTER
OR 0.66 0.77 0.66 0.84 1.08 0.63 0.65 0.84 0.83
[0.53,0.83] [0.69,0.86] [0.49,0.88] [0.69,1.03] [0.83,1.41] [0.54,0.73] [0.56,0.76] [0.69,1.04] [0.63,1.08]
P <.001 <.001 <.01 .09 <.001 <.001 11 .16
o — o o = = ] P,
NS TITANYREE FIFF UWHEEHE R 2 W2 28220 x 8 i 2 DEBRBINE OME

FAEAERDO Y = v VT v VOV OPIE LD RHRHT
otz S6 & STIIFERSMEORIEN ALl TWwb v
FI)ATHo 7.
BEX vs. BEXDY =2 vIvFy

BT, V=Y x Ty VICBW IR LA EZEELE
TEX TR L 72 & & DRPRDE R RZEDFEFHE R 2 it
IR A ZEDREEMFL L 72, NudgeData-Do % 35 & L
T, AEHOREOFIHERERT Y — v b F v Vit
RY B EERTEBREELCIRRT 52 L2 RKILE
RHBHLEHE LT, UVATA v VIR ERITo. R TIC
RL72E9IZ, 92D F IV FDI B 5D F ) FITB
WC, BEXLERVDZENTITA N REEIRE L7
MEZEHET S ) Z TR TH o7z, T2, DUFDFezE
DIEFHRERZ IR T v YRRV F ) A 20T, EEO
WA REZIR L2 L S EHBL TT I ANV R LA
B L7ATE 2 A ARG EILEL o 7.

e S2 2B 5 NudgeDummyData-5

e S6 2B S NudgeDummyData-10
e ST IZBIFH NudgeDummyData-10
o ST BT S NudgeDummyData-25

—7J, S31ZBF 5 NudgeDummyData-40 & S9 1ZB1F
% NudgeDummyData-25 (2B WTIE T 7 A NV L4
FCRE L 72 IE S EEOfat i R e R L7z S LKL T
Pipdpolz. TNLOFRPL, V= vy Ve ERE
DY AT LIEET LI BELDIROFHRVEE
Aba., LH,L, BEiCHERZLIIZ, AxDERTT
TIZT TANTRLEAIRE L 72 0E IR > T 554,
V=Y VIS LARIR TR W L 005,

5. AE2: EMMAEREOV -2 vILFy D
DIRELE

V=% )l v L NudgeGeneral DEX 72519 5
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Table 8 The participant demographics for Study 2.

FRAER | KT miR BN, BRRL
B 1,503 2,580 271
pyis 608 3,144 204
M%7 L 126 486 76

EHRIZ2OEZ5NE. 121F, RKEHDODL—FDRTI4
N REEICEE L 72 A& & BINT 5 & v ) Bl oFR
L, TIANTYRELELEDT FNA ADRIRDETH 5.
b9 1200, FMEHKEHRERELIERLIZ2E»DOETH
b, FIT, EELOERDPMEZICEEZD L LTSN
AMAET B0 T4 VIR EERKL 2. BARKIC
&, NudgeGeneral &V — 3 % )VvF v T LgalkiREz AW
2= xVFy VoRER o 7.

5.1 BIGEECRWEF Y TS
NudgeNoData : EMHNEREO Y -2 vib v D
FAELCRHRERIE L2y -y v Fy VEEMLTW
B0, WM RER M) S CRED Ty T % 2 METE
L7z, 3, T7IANTREZEICHE L 7ATEh % 13 &
AEDNISE B V) I E(EZ 5 NudgeNoData-Few &
NudgeNoData-Part g L7z (1 1(c)). NudgeNoData-
Few TOHEXEHWA-E£BIE [IFADLLOAIZOOT
LZ9728] THY, BELTORBMI [BLALEDANZ
OOL%ZWwWZE9H 7L & L7, F72, NudgeNoData-Part
ZBWTE, HEXTORRE [—HoOANZOO0THZ9
ZE] THY, FENLTOERIL [£ D ANTOOLEW
Z9728] L7 P 1 TRLA LD SRR R
RIZIBEEOENH L7120, TOHELERMSIEL720I2
CoO2MHOF vy VERETAILE LI, ZOXHIIE
HERIMEOITEEEE >y VL L TURT 2 L ORI R i
AETAZEICEY, BT ERRRNT S EDRIRE
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FE20KTF A - KF v VEMFICBITHERL [OO0OT 5] L& L-EHE

Table 9 The total numbers of responses and percentages of the “I would do” choices

(“yes” responses) for each scenario and nudge condition in Study 2.

Nudge conditions S1 S2 S3 S4 S5 S6 S7 S8 S9
# yes% | # yes% | # yes% | # yes% | # yes% | # yes% | # yes% | # yes% | # yes%
NudgeNoDataFew-Do 169 16.6% 401 44.1% 92 15.2% 194 32.0% 289 8.3% 301 54.5% 240 59.2% 223 40.8% 219 15.5%
NudgeNoDataFew-Don’t 211 14.7% 443 39.3% 106 9.4% 221 31.2% 271 7. 7% 319 43.3% 260 36.9% 218 28.9% 239 11.3%
NudgeNoDataPart-Do 175 14.3% 446 41.7% 99 20.2% 237 36.7% 296 7.8% 311 56.6% 277 59.2% 224 29.5% 230 10.4%
NudgeNoDataPart-Don’t 184 10.9% 447 38.5% 118 11.0% 202 23.8% 284 9.9% 331 43.5% 270 43.0% 219 23.3% 232 17.2%

WEPIZTHZ EDRE2DHITH .

5.2 HMEOHEHI

INLF v VORROMBEL EENITHET L7290, &
FHAFHEOF v VEETT v r— P EERE L. #iE L &
FERIC9 DD T T AN REELED Y ) FIZH 5 E R
AR E I L2 O F E e — ISR L 7.

AL 2019 4 11 HICEGL, &2 F VA ICETLT ~
F—MI BB S22 V) FOBEETEHICEIS L7,
THRIFBELDEEL, RIEKICED 40 505 60 5 ORAS
B CHEM L7z, MMtz 340 51— I3
BIZED B THENFy Ve EQIEMEIRIRENT.

BE2DER

SEIRARIC X - TEEF 11,667 RIAZIE L7, RIEE
DEFEL TV LA AR L, 15 ML L72 LR C &
WL =PI X B HEE L LR, 8,998 &L %o
720 6,210 [HAEEEAEICI D LDTH Y, KD IZTRFR
ISR I FAEIC L B DTH-72. R, %
TFUF KTy VEMICBIAREREBERENIZ) A
DFEV [OO0T 5] L) HEOEELRT. #iE1 L
KR, AP0 A5 1 v 7 iz w7,

6.

— MBIy D EEMNERBEOETEXLNDY — ¥ v b
FuTDER

A1 T, S6 1285 NudgeDummyData-5-Don’t 72
E420YFNF - Fy VEHFOMIIBWT, — T
VEFIRENIEZ LKL T, TTANVREEICHE
L7zM& %5 ANDEEILE o7, ZOEZELIEL
ER % HT 5720122000V AT 1 v 7 [WlgE o7z

12, MEHERZE VTR ELDOY — T v )V
¥ (NudgeNoData-Few-Don't % 72 & NudgeNoData-
Part-Don’t) 23 LT, BEXDY — T ¥ VF v T
(NudgeDummyData-Don’t) D&% LT 55D TH5H
(LLF, ¥ A). NudgeNoData-Few (2B L Tlx, &AH
MREMH»EL W EEZ S NS NudgeDummyData-
5 X NudgeDummyData-10 & I 8 L 72 . % 72,
NudgeNoData-Part \Z B L T &, NudgeDummyData-
25 X NudgeDummyData-40 &L 72, BHEDF v U5k
PREEIRE R E BT BELDY =V X vy IV Thb.
COUY AT Ay 7 AIFIZBWTTE v Y4B ERE D

6.1
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HEGHHERE UL, SRR R 2 R L7226
MPOFENPEEFERLDENE DL 2HT VR D,

b9 120F, T v ¥ (NudgeGeneral) (23t LT, %t
FHEREBVWIER/ELD Y — Y ¥ VT v Y (NudgeNoData-
Few-Don’t %7213 NudgeNoData-Part-Don’t) O[ul% % It
B350 THsH (LT, KK B). HE#EDF v D&M
PR A BV Ty P ThHL, OOV AT 4 v
MJF BTy VRV MENEOR B2 HHER L 2
WE, REHDZ—HDT I AN R4 BE L7z E%
BERT D LV EROTRRE T TANTRZELDOT F
INA ADFIRDFENPERERDENE S5 FT L WVWR D,

Doy uA - Fy VEMICBWTIE, A IZBW
THELRHPE B TE o725 00, LB IZB
WTHEZ AR B S e,

e ST 2B} % NudgeDummyData-10-Don’t (¥ B .

OR=0.51 [0.37,0.72], p <.001)
e ST IZBI} % NudgeDummyData-25-Don’t (L B .
OR=0.66 [0.48,0.92], p <.05)

A1 TN SN BEXLDY — v v v T & —H#EH
F v YOEE, FEMRREHEREZIRR LD EDPOENT
7%, REBOI—FNT T AN RLE4AITHE L 720l
EETDHLEVHFERORE T TANTREELEDOT BN
A ZDRIRDENITERTHEDTHH VR D,

ZOM2oDTF A - F v VEMFICBN T A - It
BB &b ICHEZHPIERIIBII SIS, BEXLDOY —T v
Ny T E— )y VOEOERZFFTE Loz,

—MEYF v D EEMMNERBEODEEXDY — 2 v
FuIDERE

g4 1 CiE, S1, S2, ST IZBIF % NudgeData-Do 72 &
BOYFIE - F v VEAOHMIZBNT, —kiF Y V%
RSNz EFLHELT, T4 NTREEICHE L7
B&% 5 ANPEEICD o7z, — Ty VEFHEX
DY = xVF Y VORRIZE o THIERHRIZEPEL S
ERE GRS 5720122000V AT 4 v 7 Allgaiio 7z,

123, MEHEREBVCEELO Y -2 v vty D
(NudgeNoData-Few-Do ¥ 721% NudgeNoData-Part-Do) |2
LT, HEXDY = v )F v Y (NudgeData-Do F 7=
¥ NudgeDummyData-Do) DORE% KT HDDTH 5
(LLF, ik C). HEEOF v VLRI REE V- E
EXDV =¥ vy I ThhH. TOUIAT A v 7 lE

6.2
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WBWTHy VEEPTHERE DR ERHHER L 2h
X, RIS R A TR L2 0 W S EEHE R O
HENEL LT LV D,
b9 120%, T v ¥ (NudgeGeneral) \2xF LT, %
FHERE BV HEXD Y — Y ¥ V) v ¥ (NudgeNoData-
Few-Do ¥ 7213 NudgeNoData-Part-Do) @ [RI% % L#E§
55D THAH (LT, D). EEDF v V&M IEHE
WREBW RNy VTHDL, ORIV AT 4 v 7
JFIZBWTT y VERUDP AERNE DA E R SHEKRE Th
12, KEHDL—FDT T AN R0 HE L %%
HERS L L V) FEROFIRE TTANTREELOT BN
A ADRIRDE P RIEREROE NS 2HFT VR D,
DFovrIx - Fy VERFICBVLTIE, RECIZBW
THELRAWEREZBNTE o700, KD IZB
WTHEZRFHAR B S .
e S11ZBIlF 5 NudgeNoData-Few-Do (IL#5D . OR=1.70
[1.05,2.76], p <.05)

e S212BIlF 5 NudgeNoData-Few-Do (JL#2D . OR=1.38
[1.07,1.76], p <.05)

e S81ZBIF S NudgeNoData-Few-Do (JL#ZD . OR=2.21
[1.49,3.27], p <.001)

AL TSN BEEXLDY =y vl VL
T TOER, FEREHER ZRR L 2B 0T
E% L, KEBROI—=FHFT T AN R EE L7z
BExmTDHEVIERORRE TITANTRLELEEDOT KN
A ADRIRDEVIZERTLEDTHL LV 5.

—7, S9IZBF 5 NudgeDummyData-25-Do 128\ T
i, HED BV THELRHIEREZBNTE Zro/zd
DD, NudgeNoDataPart-Do % FH#e L L7 HEIZBWTH
E S HARAEII S 7z (Fei C @ OR=2.04 [1.13,3.68],
p<.05). TOMDTF)F - F v VMBI, bk
C- B D LD ITHERIHAKIBH ST, HEXLD
V=T x v F o Dl F Y VOEOERNE SR TE R
"oz,

7. EE

KRR DFERD S, FER SNS L—H0T 7 A NI %
BEL) A7 ORI R #IT 202X EST 57y V7
A VDV TOHRDE S 7z, £ 3R SNS 2 —
DERLCATE S ML 5 & 9 ZIRPITB WL, Fv ¥
DD A7 IZBE L 72ATE 2R L 9 5 2 L SRR T
&7z (4. =T, RKEBRDL—FBT T AN REEIT
BURE L7-ATEh 2 4 8T 2 L9 IR TIE, v V0F
MR CE oz, TDL) BT TICREHD L~
HFHRLE LWATE 2 385k L TV AR T, BNEIZT v
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